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ABSTRACT 

  
Big Data deals with huge complex, incrementally growing data sets from various autonomous sources 

in a website for rapid increment of networking and data storage. It extracts information from website based 
on the URL generations and transforms them into understandable structure for further use. Map Reduce 
programming is used in wide for prominent ordered series in uni-time data-intense wide spread computing, 
but deficient in tractability and efficient in treating tiny growing data. The earlier systems for searching a 
complex data is a challenging task in data mining, because it performs a serial processing to retrieve a 
resultant data from complex database in a website. In this proposed paper, we implement the concept of Map 
Reduce, the abstraction behind Hadoop based on URL extraction in a website. It is based on the Job phases, 
mapping and reducing and performs the parallel processing of data. This system using Map reduce concept 
retrieves information from large database from website in shortest path ways providing security and privacy of 
data. 
Keywords: HDFS, Map reduce, indexing. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

 

 

 

*Corresponding author 



  ISSN: 0975-8585 

July – August  2016  RJPBCS   7(4)  Page No. 1275 

INTRODUCTION 
 

The earlier system for searching a complex data is of great challenge in data mining [1]. The Existing 
system cannot perform data mining from a large volume of database system, because it performs a serial 
processing to retrieve a resultant data from complex database in a website [2-4]. It may take more time frames 
to finish the process and the retrieval results are not that much accurate [5]. The Hadoop using map reduce 
concept is implemented to retrieve the user query data collected from variety of servers efficiently [6]. Here, 
HACE Theorem is used to model the characteristics of the big data. Big data information includes data from 
various heterogeneous, autonomous, and decentralized locations and manipulates them to discover the 
complex and dynamic relationship between data. This gigantic quantity of data comes from quite a lot of 
websites like Twitter, Myspace, Orkut and LinkedIn and so on. 
  

PROPOSED SYSTEM 
 

Independent Sources with circulated & decentralized manipulate are the essential characteristics of 
enormous data applications. The concept of Map Reduce, the abstraction behind Hadoop based on URL 
extraction in a website will provide an efficient mechanism to retrieve the result from web pages using parallel 
processing scheme. The Architecture of the the proposed work is shown in Fig 1.  

 

 
 

Figure 1:  Architecture of the proposed system 

 

 
 

Figure 2: Flow chart of Map Reduce 

 
The map reduce uses shortest path for retrieval of information from the collection of servers.  Map 

reduce task is based on merging, shuffling, sorting, Map Reduce Bipartite Graphs (MRB graphs) and Delta MRB 
graphs [7-8]. MRB Graph bounds are fine-grain states that should be preserved for incremental processing. The 
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shuffle stage collaborate the bound weights by terminus in vertex. Incremental Map Reduce anticipates delta 
input data that holds the freshly enclosed, erased, or altered couples as stimulus to incremental processing. 
Both the initial MRB graph and delta value can be merged as updated MRB graph value [9-10]. The working of 
Map Reduce concept can be implemented as per the flow diagram shown in Fig 2. 
 

EXPERIMENTAL RESULTS 
 

The hardware requirement is sufficient for installing and running the application. However, for the 
best results we expand the hardware requirements to optimize performance. The requisites can be expanded 
based on the size of the website and the number of users. The hardware requirements should be determined 
so that, it will suit your needs to the maximum.  
 

A hardware requirements list is frequently attached by a hardware compatibility list (HCL), particularly 
in scenario of any operating systems. It can be used for testing strategies like white box, black box, etc, 
compatibility and sometimes constrastive hardware machines for individual operating system. Software 
requisites handle defining software resource requisites of prerequisites which are installed over a computing 
machine to render best performance of the computing application. They are normally not enclosed in the 
installation packet and we should install individually before installing the software. 
 

CONCLUSION 
 

Map Reduce Hadoop is a software for scheduling a task that feats inter-station data vicinity by task 
scheduling which exposing a source/destination relation of like computing application which allows a speed 
transfer of local data. These applications, that are iterative, requires allowing particular conditions far before 
expiration, Hadoop executes the checking parallely along with the working of the relevant iteration for 
decreasing  further software response time. Our work also explains the execution of Hadoop model that 
calculates efficiency versus Hadoop, the mostly implemented freeware implementation of Map Reduce with 
help of MRB and delta method. Analysis for various data analyzing software over real world and manmade 
data repository shows that efficiency of Hadoop can be improved by decreasing working span of repetitive 
software. 
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